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Abstract

Purpose – The purpose of this study is to clarify theory and identify factors that could explain the level of
fintech continuance intentions with an expectation confirmation model that integrates self-efficacy theory.
Design/methodology/approach –With data collected from 753 fintech users, this study applies partial least
square structural equation modeling to compare and select the research model with the most predictive power.
Findings – The results show that financial self-efficacy, technological self-efficacy and confirmation
positively affect perceived usefulness. Among these factors, financial self-efficacy and technological self-
efficacy have both direct and indirect effects through confirmation on perceived usefulness. Perceived
usefulness and confirmation are positively related to satisfaction. Finally, perceived usefulness and satisfaction
positively influence fintech continuance intentions.
Originality/value –To the best of our knowledge, this is one of the earliest studies that investigates the effect
of domain-specific self-efficacy on fintech continuance intentions, which enriches the existing research on
fintech and deepens our understanding of users’ fintech continuance intentions. We distinguish between
financial self-efficacy and technological self-efficacy and specify the relationship between self-efficacy and
continuance intentions.Moreover, this study highlights the importance of assessing amodel’s predictive power
using the PLSpredict technique and provides a reference for model selection.
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1. Introduction
The use of fintech, through improving and automating the delivery of financial services in
technological innovations (Kuo-Chuen and Teo, 2015), is challenging traditional business
models and altering various aspects of the financial system. Fintech can enhance customers’
experiences with financial services by increasing transparency, cutting costs, eliminating
middlemen and making financial information accessible (Lee and Shin, 2018; Zavolokina
et al., 2016). With its great business value, fintech has been gaining traction in the financial
industry. The total investment in fintech topped $8.3 billion the second quarter of 2019, which
was an increase of 24% compared with the previous quarter (CB Insights, 2019). Fintech
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helps to create more diverse financial landscapes where customers can engage with a wide
variety of innovative financial services such as payment technology, crowd funding, wealth
management, insurance and block chain (Demertzis et al., 2018; Imerman and Fabozzi, 2020).
As an important part of fintech trends, the concept of wealth management has seen
considerable technological innovation and disruption in recent years, as the process
generates investment advice and portfolio allocations for clients based on their investment
preferences and characteristics by using sophisticated softwarewith lower fees(Lee and Shin,
2018). The use of fintech in wealth management is growing in popularity not only with
digitally native demographics but also with older wealthier clients because online/digital
solutions have less limitations than in-person meetings with their financial advisors.
Therefore, fintech is critical for wealth management (Imerman and Fabozzi, 2020).

Despite the great potential of fintech in wealth management, its value could not be
sustained without continually serving its users. Customers’ continued-use intentions have
been emphasized to be a more critical factor to the success of information systems (IS) than
their initial adoption (Zheng et al., 2013; Zhou, 2013; Zhou et al., 2018). The repeated and
continued use of fintech is not only imperative for building customer commitment and loyalty
but also essential for securing the return of investments in fintech (Bitner et al., 2002). Losing
existing customers indicates the in-vain spending of money on acquiring customers (e.g.
marketing and sales). It is reported that customer retention costs five times less than new
customer acquisition (Bhattacherjee, 2001a; Nataraj and Rajendran, 2018). Although fintech
has been deployed by financial institutions for a wide spectrum of wealth management
services, there is no clear understanding in the extant research about the factors driving
customers’ continuance intentions towards these services (Ryu, 2018). Particularly, the use of
fintech for wealth management depends not only on the technological features of these
innovations but also on the contextual factors of the financial services and wealth
management, which play a significant role in affecting customers’ perceptions of these
services.

This study aims to fill this research gap by investigating customers’ continuance
intentions to use fintech for wealth management. The expectation confirmation theory of
information system continuance (ECT-IS) is one of the most popular theoretical frameworks
used to understand users’ continuance intentions. This framework posits that a user’s
continuance intention to use an IS depends on three post-acceptance variables: the user’s
satisfaction, the user’s confirmation of expectations, and post-usage perceived usefulness
(Bhattacherjee, 2001a). Despite the considerable explanatory power of this framework, it
might be too generalized to take into account the factors specific to the phenomenon under
investigation. Most studies based on ECT-IS theory have either incorporated additional
variables to increase the overall explanatory power of the research or integrated ECT-IS
theory with other theories to strengthen the theoretical foundation of the research model.
Yuan et al. (2016), for example, analysed users’ continuance intentions in mobile banking by
adding the variables of perceived task-technology fit, perceived ease of use and perceived risk
to ECT-IS and verified the positive and negative relationships among these variables. Zhou
et al. (2018) integrated the technology acceptance model(TAM)and expectation confirmation
theory (ECT) to identify the antecedents of e-finance continuance intention. These previous
studies mainly considered the factors that influence perceived usefulness. However, little
attention has been paid to the antecedents of the construct “confirmation”, which plays a
crucial role in the factors influencing users’ satisfaction and continuance intentions.
Furthermore, ECT-IS has been criticized for overlooking the role of users’ intrinsicmotivation
in IS usage, which might also be a key user belief that affects users’ continuance intentions
(Cheng, 2014; Nascimento et al., 2018; Thong et al., 2006). Therefore, this research integrates
ECT-ISwith self-efficacy theory to take into account the impact of users’ intrinsicmotivations
on their intentions to continuously use fintech for wealth management.
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In the context of using fintech for wealth management, users will assess their own ability
to manage the new technological components, as well as their competence in financial
management (Asebedo and Payne, 2019). This is in line with self-efficacy theory, which
contends that individuals’ behaviour and motivation are affected by their self-beliefs in their
own capabilities (Bandura, 1986). Self-efficacy has been considered one of the factors that
directly or indirectly influences users’ continuance intentions in the financial service context
(Choi, 2018; Kim et al., 2016; Li et al., 2012). Therefore, this study integrates self-efficacy and
ECT-IS theories to understand the process leading to users’ continuance intentions to use
fintech for wealth management. This study offers important theoretical contributions, as it
integrates two theories, distinguishes the domain-specific self-efficacies related to fintech for
wealth management, applies PLSpredict to select the best fintech continuance intention
model, and confirms the mediating role of confirmation between the effects of self-efficacy
and perceived usefulness. Understanding the direct and indirect factors affecting users’
fintech continuance intentions can yield valuable implications for companies to use in
securing the long-term success of fintech services.

The remainder of the study is structured as follows. Section 2 presents the theoretical
background based on the previous literature. Section 3 details the research model and
hypotheses. Section 4 describes the research methodology, which is followed by the data
analysis and results in Section 5. Section 6 presents a discussion of our results. Finally,
Section 7 provides the conclusion with implications, limitations and future research.

2. Theoretical background
2.1 Expectation confirmation theory of IS continuance (ECT-IS continuance)
Expectation confirmation theory has been used extensively in the marketing domain to
measure consumers’ satisfaction and post–purchase behaviours. Bhattacherjee (2001a)
compared users’ continuance intentions with consumers’ repurchase decisions and extended
ECT to build ECT-IS continuance. According to ECT-IS, an individual’s continuance
intention of IS usage is dependent on three variables: the users’ level of satisfaction with IS,
the extent of the users’ confirmation of expectations and the perceived usefulness. Drawing
from the IS literature, ECT-IS continuance has been adapted and extended to explain users’ IS
continuance intention in different contexts (Chiu et al., 2005; McKinney et al., 2002; Oghuma
et al., 2016; Shiau and Luo, 2013). We analyse previous research on the ECT-IS (see Table 1)
and show that constructs and findings depend on the context and objective of each study.

2.2 Self-efficacy
According to Bandura (1986), human behaviour and motivation are affected by individuals’
self-beliefs about their capabilities. Self-efficacy is defined as a person’s judgement of his/her
own ability to execute the course of action required to attain his/her desired performance
(Bandura, 1991). Compeau and Higgins (1995) argued that self-efficacy does not measure the
things that people have done in the past but rather makes judgements about what they could
do in the future. Moreover, it involves the individual’s perception of how he or she will be able
to complete a task but not his or her existing skillset (Chen et al., 2011). Social cognitive theory
states that an accurate evaluation of personal efficacy has considerable functional value
(Bandura, 1977), and it also determines how much effort people will make and how long they
will persist in the face of obstacles (Bandura, 1982). Furthermore, in previous studies, self-
efficacy has been considered one of the factors that directly or indirectly influences users’
continuance intentions in the financial service context (Choi, 2018; Kim et al., 2016; Li et al.,
2012). Self-efficacy is flexible and can be applied to different contexts (Schneider and Chein,
2003), such as electronic-based services and web-based IS use (Hasan, 2006; Hsu and Chiu,
2004; Yi and Hwang, 2003). Although some studies have directly used self-efficacy, it is not a
measurable concept at a general level since abilities are domain specific. Therefore, Cassar
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and Friedman (2009) recommended the use of domain-specific self-efficacy rather than
general self-efficacy because domain-specific self-efficacy has been shown to have greater
predictive powerwhen describing a specific phenomenon (Betz andHackett, 1983; Cassar and
Friedman, 2009; Gist, 1987). Domain-specific self-efficacy has been developed in a wide
variety of research contexts (Chen, 2017; Shim et al., 2019; Yeşilyurt et al., 2016). The studies
related to domain-specific self-efficacy are summarized in Table 2. Considering the

Author Research area Constructs Findings

Shiau and Luo
(2013)

Social
network

Confirmation, habit, user
involvement, perceived enjoyment,
satisfaction, intention to use

The continuance intention of blog
use was predicted collectively by
user involvement, satisfaction, and
perceived enjoyment

Chiu et al.
(2005)

E-learning Perceived usability, usability
disconfirmation, perceived quality,
quality disconfirmation, perceived
value, value disconfirmation,
satisfaction, E-learning continuance
intention

Users’ continuance intention is
determined by satisfaction, which
in turn is jointly determined by
perceived usability, perceived
quality, perceived value, and
usability disconfirmation

Oghuma et al.
(2016)

Mobile
instant
messaging

Service quality, confirmation,
usefulness, enjoyment, user
interface, security, satisfaction,
continuance intention

Perceived service quality and
perceived usability significantly
affect user satisfaction and
continuance intention. Perceived
service quality also influences
confirmation, which in turn affects
perceived usability

Nascimento
et al. (2018)

Wearable
technology

Habit, perceived usefulness,
confirmation, perceived usability,
satisfaction, perceived enjoyment,
continuance intention

Confirmation, perceived
usefulness, and satisfaction
enhance the continuance intention,
and habit is the most important
feature to explain the continuance
intention of smartwatches

Ayanso et al.
(2015)

E-health Perceived usefulness, confirmation,
perceived risk, satisfaction, EMR
systems continuous intention

Perceived usefulness and
perceived risk impact satisfaction,
which in turn influences
physicians’ continuous intentions.
Perceived risk also has a direct
influence on physicians’
continuous intentions

Yuan et al.
(2016)

Mobile
banking

Perceived task-technology fit,
perceived ease of use, confirmation,
perceived usefulness, perceived
risk, satisfaction, continuance
intention

Satisfaction, perceived usefulness,
perceived task-technology fit, and
perceived risk are the main
predictors of continuance intention,
satisfaction, in turn, is determined
by confirmation, perceived
usefulness and perceived risk
Perceived usefulness is affected by
confirmation, perceived ease of use
and perceived task-technology fit

Zhou et al.
(2018)

E-finance Reputation, website quality,
familiarity, situational normality,
perceived ease of use, perceived
usefulness, confirmation,
satisfaction, continuance intention,
trust

Website quality, familiarity and
situational normality can influence
perceived ease of use and perceived
usefulness. PEOU and PU, together
with reputation, are positively
associated with confirmation
which further leads to satisfaction

Table 1.
ECT-IS related
research
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characteristics of fintech services for wealth management, people must measure both their
financial management capability and their ability to use technology. Before making a
decision on wealth management, people always forecast the processes and the results based
on their own ability. When a customer considers if he or she could choose the appropriate
wealth management portfolio and achieve his financial goal, he or she is measuring his or her
financial self-efficacy; in addition, a customer is demonstrating his or her level of
technological self-efficacy when he or she considers his or her ability to complete a task on
a smartphone. Therefore, self-efficacy in the fintech context involves two domain-specific
self-efficacies: financial self-efficacy and technological self-efficacy.

3. Research model and hypotheses
Fintech refers to the innovative financial services or products delivered via new technology
(Kuo-Chuen and Teo, 2015). Several researchers have described fintech as an emerging
innovative and disruptive financial services sector that uses information technology (IT) to
enhance the efficiency of the financial system (Kim et al., 2016; Lee and Kim, 2015; Ryu, 2018;
Shim and Shin, 2016). Due to the special characteristics of fintech for wealth management, in
addition to the use of IT, we must consider the internal motivations of users. To better
understand fintech continuance intentions for wealth management, we integrate the ECT-IS
and self-efficacy theories to understand the effects of self-efficacy on continuance intention.
Self-efficacy may serve as an important factor affecting users’ cognition, emotion and
intention towards fintech use. In this study, fintech involves two aspects of self-efficacy,
namely, financial self-efficacy and technological self-efficacy.

3.1 Financial self-efficacy and technological self-efficacy
Individuals with high financial self-efficacy judge themselves to be capable of controlling and
managing their financial situation (Asebedo and Payne, 2019). Specifically, people with
higher financial self-efficacy are more likely to engage in a particular financial task or
behaviour (e.g. engage in positive financial behaviours) and are more emotionally resilient
under adversity (e.g. feel less financial stress). Gecas (1989) found that people with high self-
efficacy are more likely to initiate actions and be optimistic about outcomes. This attitude is
likely to result in accomplishment and more favourable personal financial outcomes (Farrell
et al., 2016). In the context of fintech and considering wealth management, individuals with
high financial self-efficacy perceive opportunities rather than threats, including potentially
valuable options. They aremore resilient when facing financial difficulties and are better able
to handle pressure from negative events. Hence, fintech is more useful for people with high
financial self-efficacy who are confident in their ability to manage their finances because they
can perceive a greater positive value. Therefore, we hypothesize the following:

H1. Financial self-efficacy positively affects users’ perceived usefulness of fintech.

Self-efficacy has been found to impact personal outcome expectations and performance
(Huang et al., 2008). Specifically, self-efficacy is strongly related to goals. Individuals with
high self-efficacy set higher goals for themselves and, more importantly, are more committed
to achieving those goals compared to individuals with low self-efficacy (Wood et al., 1990;
Wood and Bandura, 1989a, b). Individuals with high financial self-efficacy tend to persevere
when faced with difficulties, to invest greater effort into achieving goals and to achieve
greater levels of performance (Bandura, 1986). When users’ perceived performance achieves
or exceeds their expectations, their expectations are confirmed. The higher the users’
financial self-efficacy is, themore likely it is that their perceived performance will exceed their
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initial expectations, thereby leading to a positive relationship between financial self-efficacy
and confirmation. Thus, we propose the following hypothesis:

H2. Financial self-efficacy positively affects users’ confirmation of fintech use.

Many studies have confirmed a positive effect of technological self-efficacy on innovative
product usage (Burkhardt and Brass, 1990; Dwivedi et al., 2009; Hern�andez et al., 2011). Teo
(2009) showed that computer self-efficacy has a greater impact on perceived usefulness than
on perceived ease of use. Moreover, self-efficacy in using mobile banking was found to be a
key predictor of perceived usefulness (Alalwan et al., 2016). Furthermore, Chen et al. (2011)
confirmed that smartphone self-efficacy plays a positive role in perceived usefulness.
Unconstrained by space, the popularization of smartphones has boosted the use of fintech.
Hence, technological self-efficacy mainly involves users’ perceptions of smartphones. Users
can accomplish wealth management through smartphone apps on a P2P platform or with
mobile banking. Therefore, users with high technological self-efficacy can perceive more
usefulness in fintech use. Accordingly, we propose the following hypothesis:

H3. Technological (smartphone) self-efficacy positively affects users’ perceived
usefulness of fintech.

Researchers have found that a high level of self-efficacy can stimulate a person to invest a
greater effort in achieving the expected results, that is, to realize confirmation. Likewise, the
study of Chen et al. (2010) on Internet shopping showed that Internet self-efficacy can
determine the effect on confirmation. Fagan et al. (2004) stated that technological self-efficacy
reduced individuals’ anxiety about using technological innovations. People with higher
technological self-efficacy are more likely to adapt to technological innovations than those
with lower technological self-efficacy (Compeau and Higgins, 1995). With regard to using
smartphones for wealth management, users with high technological self-efficacy believe that
they can download and operate applications forwealthmanagement (Hong et al., 2014). These
beliefs may help generate positive behaviour and thus achieve the expected performance.
Therefore, for those users who consider themselves to have a stronger capability in
performing a specific smartphone task, perceived performance will exceed expectations in
actual applications. Hence, we postulate the following hypothesis:

H4. Technological (smartphone) self-efficacy positively affects users’ confirmation of
fintech use.

3.2 Confirmation, perceived usefulness and satisfaction
As a significant predictor of perceived usefulness in ECT-IS, confirmation leads to an
increased perception of usefulness (Chiu et al., 2005; Nascimento et al., 2018; Thong et al.,
2006). Because of the uncertainty of IS use expectations, users’ initial perceived usefulness
may not be stable, and the perceived usefulness of IS use could be adjusted by confirmation
experience (Bhattacherjee, 2001b). Hence, users’ confirmation of expectations has a positive
effect on perceived value, which in turn enhances customers’ satisfaction and continuance
intention (Bhattacherjee, 2001a; Fu et al., 2018). When applying ECT-IS continuance to
smartphone banking services, Yuan et al. (2016) confirmed the significant effects of
confirmation on perceived usefulness in the mobile banking context. Furthermore, the results
of Susanto et al. (2016) revealed that users’ postadoption confirmation of smartphone banking
services has a significant impact on the perceived usefulness of these services. Similarly, the
confirmation of fintech use has a positive effect on its perceived usefulness. Thus, we propose
the following hypothesis:

H5. Confirmation positively affects users’ perceived usefulness of fintech use.
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Users’ perceived usefulness and confirmation of postadoption expectations are the two
determinants of users’ satisfaction (Bhattacherjee, 2001a). Bhattacherjee (2001a) aimed to
examine how cognitive beliefs and affects influence an individual’s intention of online
banking continuance usage and suggested that users’ postadoption perceived usefulness is
one of the key factors affecting their satisfaction. Furthermore, the direct effect of perceived
usefulness on satisfaction has been confirmed in many studies drawing on the ECT model
(Susanto et al., 2016; Yuan et al., 2016). In the context of mobile banking, Yuan et al. (2016)
confirmed that perceived usefulness is validated as the determinant of satisfaction.
Furthermore, Susanto et al. (2016) provided extensive discussions about the significant
impact of perceived usefulness on users’ satisfaction with smartphone banking services.
Therefore, we propose the following hypothesis:

H6. Perceived usefulness positively affects users’ satisfaction with fintech use.

Confirmation is the extent to which the actual use experience confirms one’s initial
expectation (Oghuma et al., 2016). Previous research found that confirmation is positively
related to satisfaction (Bhattacherjee, 2001a; Limayem et al., 2007; Venkatesh and Goyal,
2010). When the initial expectation is confirmed or even exceeded, this confirmation will lead
to user satisfaction (Thong et al., 2006; Venkatesh and Goyal, 2010). In the context of fintech,
confirmation is users’ perception of the congruence between the expectation of fintech use
and its actual performance. Hence, if users’ original expectations for wealth management are
confirmed, they will be satisfied with fintech use. Users will update their initial expectations
simultaneously with their continued usage of fintech. If fintech outperforms their initial
expectations, then their postadoption expectations are confirmed. The level of satisfaction is
affected by the level of confirmation (Yuan et al., 2016). We propose the following hypothesis:

H7. Confirmation positively affects satisfaction with fintech use.

3.3 Fintech continuance intention
Representing users’ perceptions of the expected benefits of using IS (Davis, 1989), perceived
usefulness is an important predictor of behavioural intention in many contexts, including the
Internet of Things services, information systems and mobile commerce (Al-Momani et al.,
2018; Yuan et al., 2016). Not only did Bhattacherjee’s (2001a) study establish a positive effect
of users’ perceived usefulness on their satisfaction, but subsequent studies have also
reinforced that relationship (Limayem et al., 2007; Nascimento et al., 2018; Venkatesh et al.,
2011). Therefore, the more usefulness that users derive from fintech, the more likely they are
to continue using fintech for their investments. Thus, the following hypothesis is formulated:

H8. Perceived usefulness positively affects fintech continuance intention.

As an important predictor of intention, affection (as an attitude) has been widely studied in
many fields. In the context of IS, it is expected that satisfaction will reinforce users’ intentions
to continue using the system (Limayem et al., 2007). Based on ECT-IS, users’ satisfaction with
IS use positively affects their continuance intention towards the same IS (Bhattacherjee,
2001a; Brown et al., 2014). Many studies have confirmed this relationship (Ayanso et al., 2015;
Chiang, 2013; Nascimento et al., 2018; Zhou, 2013). A study on mobile payment showed that
satisfaction is positively related to continuance intention (Ayanso et al., 2015). Moreover, in
the study of Zhou et al. (2018), the positive effect of satisfaction on users’ e-finance
continuance intention was confirmed. Thus, the following hypothesis is proposed:

H9. Satisfaction positively affects fintech continuance intention.
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3.4 Mediating effect of confirmation
Financial self-efficacy may play an important role in supporting users’ perceived usefulness
through their confirmation of fintech use. Financial self-efficacy has a significant relationship
with positive financial behaviour (Farrell et al., 2016; Shim et al., 2012; Yazid et al., 2017). Joo
andGrable (2004) noted that positive financial behaviours have the strongest overall effect on
financial satisfaction through the confirmation of expected results. Furthermore, financial
self-efficacy increases one’s level of confidence in one’s ability to execute certain financial
behaviours (Stajkovic and Luthans, 1998). Users will be more confident if they consider
themselves to have greater competency in performing a financial task. Individuals with high
financial self-efficacy judge themselves capable of controlling and managing their financial
situation (Asebedo and Payne, 2019), and their perceived performance will exceed
expectations in actual applications. The better the users perceive their performance to be,
the stronger the confirmation of their expectations. At the same time, the positive effect of
confirmation on perceived usefulness has been confirmed in a study of smartphone app
continuance intention. For example, in research on the continued usage of on-demand ride
services/ride-hailing applications by riders, confirmation has been shown to have a positive
influence on perceived usefulness (Malik and Rao, 2019). In summary, financial self-efficacy
affects confirmation, which in turn affects the perceived usefulness of fintech. Thus, we
propose the following hypothesis:

H10. Confirmation mediates the effect of financial self-efficacy on the perceived
usefulness of fintech under the full model.

Technological self-efficacy in smartphone usage focuses on what an individual believes he
or she can accomplish with a smartphone, for example, the belief that one can download
apps, use apps, and use the different functions provided by smartphones (Hong et al., 2014;
Teo and Pok, 2003; Verkasalo et al., 2010). Furthermore, according to the social cognitive
theory of self-regulation, people with greater self-efficacy are more likely to engage in a
particular task or behaviour. Generally, users select the tasks that they are interested in to
contribute to Zhang and Su (2019). These beliefs may reduce anxiety, which can help
generate positive behaviour and thus achieve the expected performance. In other words,
users’ expectations are confirmed. Confirmation is positively related to users’ perceptions of
usefulness. To take a study of accommodation apps as an example, the confirmation of
service expectations has a significant positive impact on perceived usefulness (Kim et al.,
2019). In summary, technological self-efficacy has positive effects on confirmation, which
consequently affects the perceived usefulness of fintech. Therefore, we propose the
following hypothesis:

H11. Confirmation mediates the effect of technological self-efficacy on the perceived
usefulness of fintech under the full model.

Based on the fintech context and the abovementioned theories, the hypotheses specified
above define the research model. Accordingly, the conceptual model that we intend to
examine is shown in Figure 1. We add two types of self-efficacy that are related to the fintech
context to ECT-IS theory as the antecedents of confirmation and perceived usefulness, which
in turn directly and indirectly affect users’ fintech continuance intentions.

4. Research methodology
4.1 Instrument and measurement items
This study integrates self-efficacy and ECT-IS theories to explain and predict IS continuance
behaviour. All the operational definitions of the constructs and the scale items were adapted
from prior studies. According to the criteria proposed by Jarvis et al. (2003), all the constructs
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should be modelled as reflective constructs. A seven-point Likert scale ranging from
“strongly disagree” (1) to “strongly agree” (7) was used to measure all items. The Appendix
presents the operational definitions and scale items of these constructs.

4.2 Sample and data collection
The subjects were fintech users who had experience with wealth management. The content
validity of the questionnaire was confirmed by a pilot test to assess logical consistency, ease
of understanding, the sequence of items, and task relevance. The pilot test involved ten
respondents who had experience using fintech for wealth management. The respondents
were asked to provide any comments on the questionnaire content and structure. Based on
the feedback of the respondents, the length of the questionnaire was deemed acceptable, but
several suggestions were made concerning the wording of several items. A few ambiguous
questions were identified, and we ultimately rephrased these questions to ensure content
validity.

IBM SPSS Statistics 25.0 was used to analyse the samples and provide descriptive results.
Furthermore, partial least squares structural equation modeling (PLS-SEM) was used to
analyse our research model. Compared with covariance-based structural equation modeling
(CB-SEM), which has minimal demands in terms of measurement scale, sample size and
residual distributions (Chin et al., 2003), PLS-SEM relaxes normal distributional assumptions
(Hair et al., 2019; Khan et al., 2019; Shiau et al., 2019; Shiau and Chau, 2016). Our model is
complex and includesmany constructs, indicators andmodel relationships, whichmeans that
it is more appropriate to use the PLS-SEM method (Gefen et al., 2011). Moreover, this study
adopts a prediction perspective for the analysis, and PLS-SEM maximizes the variance of
endogenous variables explained by exogenous variables (Hair et al., 2016). The predictive
focus is appropriate for meeting the objectives of the study. The above reasons support our
decision that PLS is an appropriate method for this study. According to the recommendation
of Anderson and Gerbing (1988), a two-stage process was employed for the data analysis: the
measurement model and structural model assessment. The measurement model assessment
examines reliability and validity, while the structural model assessment allows hypothesis
testing by examining the relationships among constructs.

Empirical data were obtained using an online survey; this method has several advantages
over traditional paper-based surveys, such as rapid response time, cost efficiency, and an
absence of geographical boundaries (Bhattacherjee, 2001a, 2001b; Tan and Teo, 2000).

Figure 1.
Research model
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Before the main survey, a pretest was conducted on the website Wenjuanxing, which is the
earliest established and largest platform for online surveys in China, to ensure the reliability
and validity of the instruments. Respondents who had experience in wealth management
were invited to read the explanation of the research goals and the privacy guarantee and then
respond to the entire questionnaire. We collected 200 respondents for the pretest, among
which 73 were men (36.5%) and 127 were women (63.5%). The factor loadings of all items in
the pretest exceeded 0.5 (Wixom andWatson, 2007), the composite reliabilities were between
0.881 and 0.928, and the Cronbach’s alpha values ranged from 0.832 to 0.897. The metric used
to evaluate a construct’s convergent validity is the average variance extracted (AVE), and
this value ranged from 0.598 to 0.764 for the constructs, which means that they all exceeded
0.5. The results of the pretest ensured the reliability and validity of this instrument.

5. Data analysis and results
5.1 Descriptive statistics
The main survey was distributed online in 2019, and we received 978 responses on
Wenjuanxing within three months. After eliminating the responses with incomplete or invalid
data, a total of 753 valid responses were retained for data analysis. Of the 753 participants, 400
were men (53.1%), and 353 were women (46.9%). The majority of respondents were aged
between 20 and39 (83.7%), andmost hadmore than oneyear ofwealthmanagement experience
via fintech (80.5%). Table 3 shows the respondents’ demographics.

5.2 Nonresponse bias
Nonresponse bias refers to a situation in which people who do not respond to a questionnaire
may bias the research results. Our nonresponse approach follows the procedure suggested by
Armstrong and Overton (1977), who suggested that late respondents are more likely to
resemble non-respondents than to resemble early respondents. This study addressed this
issue by comparing the gender and age variables of the early respondents to those of the later
respondents. A total of 446 respondents who completed the survey during the early stage
were considered the earlier respondents, leaving 307 respondents who completed the survey
during the later stage to be considered the later respondents. Achi-square test of the early and
late respondents shows that they did not differ significantly (p> 0.05) in either gender or age.
We, therefore, excluded the possibility of nonresponse bias.

5.3 Common method bias
When all data are collected from the same source, theymay have commonmethod bias, which
may threaten the validity of the research. Since our questionnaires were collected online, the
samples were not limited to a certain region or a certain group. Nevertheless, we still used
Harman’s one-factor test to identify any potential common method bias (Podsakoff and
Organ, 1986). The threat of common method bias is high if a single factor accounts for more
than 50% of the variance (Mattila and Enz, 2002). A principal component factor analysis was
performed. The combined five factors accounted for 55.46% of the total variance; the first
(largest) factor accounted for 28.95% (the variances explained ranged from 4.29% to 28.95%),
and no general factor accounted for more than 50% of the variance. Moreover, we also used
the marker variable method to test for common method bias (Chin et al., 2012). The results of
the data analysis showed that the marker variables had no significant influence on perceived
usefulness, confirmation, satisfaction, or fintech continuance intention. Therefore, common
method bias was not a critical issue in this study.
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Descriptive statistics of
respondents’
characteristics
(N 5 753)
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5.4 Measurement model
To validate the measurement model, reliability, convergent validity, and discriminant
validity were assessed. We use J€oreskog’s (1971) composite reliability and Cronbach’s alpha
to assess the internal consistency reliability. In this research, the composite reliabilities were
between 0.826 and 0.867, and all the Cronbach’s alpha values fell between 0.719 and 0.802.
Convergent validity was assessed using the AVE for each construct. The results in Table 4
show that the factor loadings of all the items exceeded 0.5 (Wixom and Watson, 2007) and
were significant. The AVE value of each construct exceeded 0.5, which indicated that the
construct explained at least 50% of the variance of its items (Chin et al., 2003).

To evaluate the discriminant validity, both the Fornell–Larcker and the heterotrait–
monotrait (HTMT) ratio of correlation were examined. As shown in Table 5, a construct’s
correlations with other constructs were all smaller than the square root of the construct’s
AVE (Fornell and Larcker, 1981; Hair et al., 2011, 2016). Therefore, the results confirmed the
model’s discriminant validity.

Henseler et al. (2014) proposed the heterotrait–monotrait (HTMT) ratio of the correlations
(Voorhees et al., 2016). The threshold value for this ratio should be defined based on the study
context (Franke and Sarstedt, 2019). Henseler et al. (2014) suggested 0.90 as a threshold value
for structural models with constructs. In this research, the values ranged from 0.152 to 0.837,
which indicated that discriminate validity was established for all constructs of the model, as
shown in Table 6.

Construct Item
Item
mean

Standard
deviation

Standardized
item loading

T-
statistic

Cronbach’s
alpha

Composite
reliability AVE

Financial self-
efficacy

FS1 5.83 1.028 0.660 20.428 0.776 0.848 0.528
FS2 5.46 1.014 0.805 49.851
FS3 5.44 1.062 0.775 38.665
FS4 5.56 1.041 0.664 24.359
FS5 5.52 1.088 0.719 27.655

Confirmation CON1 5.21 0.990 0.785 44.625 0.795 0.867 0.619
CON2 5.22 1.036 0.774 42.143
CON3 5.25 1.033 0.821 57.104
CON4 5.42 1.038 0.766 43.842

Fintech
continuance
intention

FCI1 5.73 0.913 0.729 27.180 0.802 0.864 0.561
FCI2 5.46 0.901 0.645 20.529
FCI3 5.92 0.889 0.829 60.149
FCI4 5.98 0.901 0.792 42.431
FCI5 5.99 0.907 0.737 27.285

Satisfaction SAT1 5.31 1.041 0.823 62.504 0.772 0.856 0.599
SAT2 5.22 1.039 0.801 49.875
SAT3 5.14 1.080 0.813 53.086
SAT4 5.88 1.004 0.646 20.082

Technological
self-efficacy

TSE1 6.35 0.915 0.822 33.720 0.787 0.859 0.604
TSE2 6.49 0.832 0.816 29.376
TSE3 6.36 0.783 0.729 19.599
TSE4 6.05 0.909 0.735 18.607

Perceived
usefulness

PU1 5.59 1.016 0.739 32.810 0.719 0.826 0.543
PU2 5.77 0.967 0.763 37.286
PU3 5.71 0.948 0.745 34.348
PU4 6.00 0.885 0.698 27.174

Table 4.
Scale properties of the
measurement model
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5.5 PLSpredict for model assessment
To understand users’ fintech continuance intentions, this study integrated self-efficacy
theory and ECT-IS theory and initially proposed four models. In terms of explanatory power,
there was no significant difference between these four models. Thus, this study further
applied PLSpredict to determine which research model provided a better prognosis (Shmueli
et al., 2016). A set of four potential models that differed from each other in their specific paths
formed the competing models (Figure 2).

Most researchers interpret the coefficient of determination (R2), which assesses the in-
sample model fit of the dependent constructs’ composite scores, by using the model estimates
to predict the case values of the total sample. As seen in Figure 2, Models 1, 2, 3 and 4 explain
34.7, 34.7, 34.6 and 34.5% of the variance explanation of fintech continuance intention,
respectively. There are no significant differences between the four models. Furthermore, the
R2 value only assesses a model’s explanatory power and provides no indication of its out-of-
sample predictive power in the sense of its ability to predict the values of new cases not
included in the estimation process (Shmueli et al., 2019). Shmueli et al. (2016) suggested that

1 2 3 4 5 6

1. Perceived usefulness 0.737
2. Confirmation 0.516 0.787
3. Fintech continuance intention 0.520 0.449 0.749
4. Financial self-efficacy 0.416 0.392 0.358 0.727
5. Satisfaction 0.490 0.659 0.493 0.409 0.774
6. Technological self-efficacy 0.269 0.142 0.246 0.157 0.118 0.777

1 2 3 4 5

1. Perceived usefulness
2. Confirmation 0.678
3. Fintech continuance intention 0.680 0.560
4. Financial self-efficacy 0.554 0.487 0.459
5. Satisfaction 0.657 0.837 0.629 0.518
6. Technological self-efficacy 0.341 0.168 0.292 0.203 0.152

Table 5.
Discriminant validity:
Fornell-Larcker
criterion

Table 6.
Discriminant validity:
Heterotrsait–
monotrait (HTMT)

Figure 2.
The four competing
models
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the model’s out-of-sample predictive power should be considered. The PLSpredict procedure
generates holdout sample-based predictions and executes k-fold cross-validation.

The current study applied PLSpredict repeatedly across ten folds to calculate the
predictive error metrics. To illustrate the interpretation, we focused our analysis on
the model’s key target construct, fintech continuance intention, but we also reported the
prediction statistics for all the other endogenous constructs’ indicators. As shown in
Table 7, first, all the endogenous constructs’ indicators outperform the most naı€ve
benchmark, as all the indicators yield Q2 values above 0. Regarding the prediction errors,
the results indicate that Model 4 produces predictions of continuance intention better than
the other three models. Specifically, the majority of the indicators of Model 4 yield lower
prediction errors in terms of root mean square error (RMSE), mean absolute error (MAE)
and mean absolute percentage error (MAPE). The majority of the Q2 values for the
indicators of Model 4 are larger than zero and outperform those generated for the other
three models. Therefore, Model 4 has the most prediction power in the horizontal
comparison of the four models.

Looking at the predictive metrics of the mediators, we further note that four models do not
differ in their predictive power of confirmation and satisfaction. Instead, the major difference
lies in how well the models predict perceived usefulness before continuance intention. Thus,
the results suggest that the predictive power of Model 4 lies largely in being able to predict
how useful fintech will be to given consumers.

Additionally, comparing the errors from the PLSmodel analysis with the naı€ve LM (linear
regression model) benchmark, as shown in Table 8, we find that the PLS analysis produces
lower prediction errors because the majority of the Q2 values of the indicators of the PLS
model outperform those generated for the linear model (Q2 values > 0) in Model 4. The
majority of the values of RMSE,MAE andMAPE are smaller than those of the LM inModel 4.
Thus, Model 4 is efficient in explaining users’ continuance intention towards wealth
management via fintech.

5.6 Structural model
Before assessing structural relationships, collinearity was examined to ensure that it did not
bias the regression results. Variance inflation factor (VIF) values close to three and lower are
recommended. The inner VIF values in this study were all lower than 3, so collinearity was
not a critical issue in this study.

To test the hypotheses, we examined the structural model using a bootstrapping
technique specifying 5,000 subsamples. In structural model analysis, it is important to
determine the significance and association of each hypothesized path and the variance
explained. The results are shown in Figure 3.

The model explains 34.5% of the variance for fintech continuance intention, 46.5% of the
variance for satisfaction, 35.0% of the variance for perceived usefulness and 16.0% of the
variance for confirmation. Financial self-efficacy has significantly positive effects on
perceived usefulness (β 5 0.232, p < 0.001) and confirmation (β 5 0.379, p < 0.001).
Technological self-efficacy has significantly positive effects on perceived usefulness
(β 5 0.176, p < 0 0.001) and confirmation (β 5 0.083, p < 0.05). Confirmation has
significantly positive effects on perceived usefulness (β 5 0.400, p < 0.001). Perceived
usefulness has significantly positive effects on satisfaction (β 5 0.204, p < 0.001), and
confirmation has significantly positive effects on satisfaction (β5 0.554, p< 0.001). Perceived
usefulness has significantly positive effects on fintech continuance intention (β 5 0.366,
p < 0.001), and satisfaction has significantly positive effects on fintech continuance intention
(β 5 0.313, p < 0.001). Therefore, all the hypotheses are supported.
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5.7 Analysis of mediation
We proposed H10 and H11, which suggest that confirmation mediates the effect of financial
self-efficacy and technological self-efficacy on perceived usefulness, respectively. To
elucidate the mediation effect, we followed the formal mediation test proposed by Zhao
et al. (2010). As shown in Table 9, first, the indirect effect of financial self-efficacy on perceived
usefulness (a3b) is significant(β5 0.151, t5 7.439). Second, the direct effect of financial self-
efficacy on perceived usefulness (c) is significant (β5 0.232, t5 6.528). Third, the direct effect
and indirect effect operate in the same direction (a3b3c is positive). Therefore,
complementary partial mediation was confirmed. Similarly, the indirect effect of
technological self-efficacy on perceived usefulness (a3b) is significant (β 5 0.033,
t 5 2.183), and the direct effect of technological self-efficacy on perceived usefulness (c) is
significant (β 5 0.176, t 5 5.231). As with the analysis above, the direct effect and indirect
effect operate in the same direction (a3b3c is positive). Therefore, the study supports H10
and H11; self-efficacy’s effect on perceived usefulness is partially mediated by confirmation.

6. Discussion
This study aims to help fintech companies and financial institutions understand how financial
self-efficacy and technological self-efficacy influence users’ fintech continuance intentions by
integrating self-efficacy and ECT-IS theory. Consistent with previous studies (Bhattacherjee,
2001a; Susanto et al., 2016; Yuan et al., 2016), our findings show that users’ fintech continuance
intentions are significantly positively affected by their perceived usefulness and satisfaction.
Users are likely to continue to use fintech for wealth management when their financial
performance is improved. If fintech increases users’ productivity and enhances their
effectiveness in managing personal finances, it is reasonable that users will continue using
fintech for their wealth management.

Another critical factor in determining continuance intentions is satisfaction (Bhattacherjee,
2001a; Shiau et al., 2011). As an emotional reaction to fintech use and an affective state,
satisfaction is realistic, unbiased and less susceptible to change (Bhattacherjee, 2001a). Even
though there is always some uncertainty attached to using fintech for wealth management,
users may adapt to the impact of these uncertainties by considering the reliability of their
satisfaction during the continuance decision process. Therefore, if fintech users feel content
with the wealth management process and the results, this satisfaction will probably encourage
them to continue using fintech.

Furthermore, in line with Nascimento et al.’s (2018) research, which revealed that the
effects of perceived usefulness and satisfaction on wearable technology continuance
intention were consistent, there is no significant difference in our research between the path
coefficient of perceived usefulness and that of satisfaction on the effect of fintech continuance
intention, meaning that users measure their perceived performance, productivity, and

Figure 3.
Results of the
structural model
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effectiveness from using fintech without appreciable difference from their sense of
satisfaction or from their level of emotional reaction when considering their continuance
usage of fintech for wealth management. Therefore, from both cognitive and emotional
perspectives, the perceived usefulness of fintech and users’ satisfaction are important
explanations of users’ continuance intentions.

Concerning satisfaction, our research shows that users’ perception of fintech performance
and the confirmation of their expectations influence their level of satisfaction. Satisfaction is
an emotional state that represents the affective reaction to an overall evaluation. If users
experience higher efficiency in the process of using fintech, they might feel comfortable with
the time and effort saved. Moreover, satisfaction is a positive behavioural outcome of
perceived quality (Ivanaj et al., 2019); if users’ economic situation improves due to wealth
management by fintech, then the high level of services provided by fintech and the profits
obtained by users will be consistent with or even exceed their expectations, and users might
feel pleased with the benefits. Furthermore, as shown in our results, the path coefficient of
confirmation on satisfaction is larger than that of perceived usefulness on satisfaction, which
is different from the outcomes of certain previous research results. In the study of e-learning
continuance intention, Lee (2010) confirmed that perceived usefulness has a much greater
impact than confirmation on satisfaction. Nascimento et al. (2018) believed that there is no
significant difference in the influence of the perceived usefulness of smart watches on
satisfaction and confirmation. Therefore, we argue that certain differences between the users
of fintech and the users of general information systems unrelated to financial management
should be givenmore attention. Users of fintech treat the confirmation of their expectations as
being more salient than the instrumentality of fintech in forming emotional reactions and
intentions about fintech continuance (Bhattacherjee, 2001a).

Our results show that perceived usefulness is positively impacted by financial self-
efficacy, technological self-efficacy and confirmation. Self-efficacy reflects a form of self-
evaluation regarding one’s ability to perform certain behaviours to attain certain goals (Jin
et al., 2013). In general, people with high financial self-efficacy think that they are capable of
managing their finances, and they are more willing to believe that the financial tools they
chose can help them manage their wealth. By making wealth management via fintech, users
with high financial self-efficacy can perceive higher financial performance that matches their
financial confidence. Likewise, the belief in one’s ability to handle smartphones and software
for wealth management via fintech can positively influence the perceived usefulness of these
tools. The use of smartphones for wealth management can be better predicted by the beliefs
that users hold about their technological capabilities. The higher the sense of technological
self-efficacy held by the users is, the more likely they are to generate positive behaviours to
complete their wealth management tasks by smartphone, and the more likely it is that they
will perceive high efficiency from fintech use. Previous research has also shown that the
greater the sense of technological self-efficacy that users have is, the more useful they will
perceive technology to be (Chen et al., 2011; Teo, 2009).

Furthermore, consistent with Bhattacherjee (2001a), confirmation has significantly
positive effects on perceived usefulness, suggesting that users’ perception of fintechmay also
be adjusted by the extent of the confirmation. Fintech confirmation is a cognitive belief
representing the extent towhich actual use can help form users’ expectations of fintech. Users
have certain expectations for the services provided by fintech, such as personalized wealth
management solutions, financial products with higher yields and lower levels of risk,
accurate and detailed explanations of financial products, flexible deposits and withdrawal
mechanisms, convenient customer services, and so on. More efficient communication should
be built for fintech companies to understand their users’ expectations. When these
expectations are confirmed during the use of fintech, they will believe that fintech can indeed
help improve their financial benefits.
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The study also found that users’ confirmation is significantly affected by their financial self-
efficacy and technological self-efficacy. Users measure the process and the results of fintech use
and compare these results to what they expected. A higher level of self-efficacy induces the
confirmation of fintech use. These findings are consistent with the results of previous studies
(Hong et al., 2014; Shim et al., 2012). People with high financial self-efficacy are more likely to
make reasonable investment decisions that may reduce financial risks and lead to the expected
financial results, meaning that their expectation is more likely to be confirmed. This finding is
similar to the result of Farrell et al. (2016), who reported that financial self-efficacy within the
personal finance behaviour context influences personal finance outcomes.

Similarly, people with high technological self-efficacy think that they are capable of
operating the process of wealth management by fintech. They believe that they can view
information and purchase financial products, participate in activities, check wealth
management records and withdraw cash, which are in line with their expectations for
using fintech. Furthermore, the effect of financial self-efficacy on confirmation is much
greater than that of technological self-efficacy. The key factor of confirmation regarding
wealth management by fintech is the actual performance, namely, the financial outcome,
which is perceived to be better by users with higher financial self-efficacy. If the services
provided by fintech are perceived as of high quality and the operating process is smooth,
users will have a certain level of confirmation. Furthermore, if their financial results meet
their expectations, the level of confirmation will further increase.

Finally, confirmation’s mediating role between financial self-efficacy and perceived
usefulness and between technological self-efficacy and perceived usefulness are confirmed.
Users with high financial self-efficacy are more likely to generate positive financial actions
and purchase suitable wealth management products, which may lead to positive financial
outcomes. When financial outcomes reach or exceed users’ expectations, users will feel a
sense of confirmation, which will reinforce fintech’s role in improving wealth management
performance and enhancing users’ perceptions of the usefulness of fintech. Regarding users’
technological self-efficacy, the more confident the users are in their ability to use a
smartphone for wealth management, the more likely they are to obtain a sense of
confirmation of the operating process, which will encourage them to perceive increased
productivity and effectiveness, namely, that fintech is more useful. As a result, financial self-
efficacy and technological self-efficacy are considered to be crucial factors in fintech
continuance intention. Specifically, on the one hand, users’ financial self-efficacy and
technological self-efficacy directly affect their perceived usefulness of fintech. On the other
hand, confirmation partially mediates the effect of financial self-efficacy and technological
self-efficacy on perceived usefulness. Additionally, the significant direct effect points to the
possible existence of some omitted second mediator that can be pursued in future research
(Zhao et al., 2010). Despite the possibility that a second mediator may be omitted, the partial
mediation of confirmation between the effect of self-efficacy and perceived usefulness is
confirmed. Therefore, fintech companies and financial institutions should understand their
users’ level of financial self-efficacy and technological self-efficacy and look for ways to
improve their feelings of confirmation and thus their perception of fintech’s usefulness and
their fintech continuance intention.

Recognizing the importance of self-efficacy, we suggest that users’ intrinsic motivations
should not be ignored in studies of IS/IT acceptance and continuance use, whether in fintech
or in other innovative technologies. Specific internal factors should be considered according
to specific research contexts.

7. Conclusion
This study focused on individual wealthmanagement and integrated self-efficacy theory and
ECT-IS theory to understand users’ continuance intention regarding fintech use for wealth
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management. Emphasizing the importance of predictive power as well as explanatory power,
the PLSpredict technique was used to select the model with the greatest predictive power
from the four competing models. This research model explains 52% of the satisfaction and
35% of thee fintech continuance intention. The results show that users’ perceived usefulness
and confirmation are predicted primarily by financial self-efficacy, followed by the influence
of technological self-efficacy. Therefore, in addition to realizing the importance of
confirmation, perceived usefulness and satisfaction, as mentioned in previous studies of
general information system continuance intention, practitioners who provide fintech services
for wealth management should also consider users’ intrinsic factors, namely, their financial
self-efficacy and technological self-efficacy, and provide fintech users with rational wealth
management products and services. Doing so could increase users’ satisfaction and users’
continuance intentions, which in turn would strengthen the competitiveness of fintech
companies.

7.1 Implications for research and practice
This study has several theoretical implications. First, this study integrates self-efficacy
theory and ECT-IS theory to understand users’ fintech continuance intention for wealth
management. It extends continuance intention to the field of fintech, which has received little
attention in previous studies. Previous studies have not precisely examined the relationship
between self-efficacy and continuance intention in the context of fintech use for wealth
management. Thus, our results will enrich existing research on fintech and improve the
understanding of users’ fintech continuance intention.

Second, according to the characteristics of fintech, this study distinguishes two fintech-
related domain-specific self-efficacies: financial self-efficacy and technological self-efficacy.
The wealth management area of fintech involves not only the acceptance and use of
technology but also a level of confidence in personal financial management competence. We
emphasize the importance of specific forms of self-efficacy in different contexts rather than
overall self-efficacy, which can serve as a reference for future research and increase accuracy.
Furthermore, the theoretical and empirical validation of the effects of financial self-efficacy
and technological self-efficacy is also a significant research contribution of this study.

Third, this study highlights the importance of assessing a model’s predictive power using
the PLSpredict technique (Shmueli et al., 2016). Compared with studies that assess only a
model’s explanatory power, an assessment of themodels’ out-of-sample predictive powerwas
conducted in this study to identify a reasonable model that could explain the fintech
phenomenon under investigation and predict the content of another sample in the foreseeable
future. Our results showed that themodel adopting self-efficacy as an antecedent of perceived
usefulness and confirmation has the best predictive power compared to others in the fintech
context. In particular, technological self-efficacy proved to be a valuable predictor of
perceived usefulness, despite being the least important causal explanation of perceived
usefulness. Our ability to predict usefulness greatly ameliorated our ability to predict
continuance intentions. The PLSpredict technique allowed us to balance explanatory and
predictive utility in our model.

For practice, this study has two implications. First, this study highlighted the importance
of the financial self-efficacy of fintech users for wealth management. Despite the omitted
second mediator, this research confirmed the indirect effect of financial self-efficacy and
technological self-efficacy on perceived usefulness through the mediation of confirmation.
Financial self-efficacy can not only directly affect users’ perceived usefulness but also
indirectly affect their perceptions of usefulness through the confirmation of fintech use
expectations. In wealth management, users are more focused on the outcomes and returns. A
good technical experience can moderately improve their sense of confirmation, perceived
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usefulness, satisfaction and continuance intention, but good financial results have a more
significant effect. Therefore, fintech companies and financial institutions should segment
users based on their financial self-efficacies and design separate services for each segment to
provide diversified customized wealth-management schemes. Moreover, users with high
financial self-efficacy should be givenmore attention because they aremore likely to perceive
the usefulness of fintech. At the same time, it is necessary to provide wealth management
knowledge and updated information about markets and institutions to improve users’
confidence in wealth management. Furthermore, in considering some social problems caused
by the failure of wealth management, we suggest that the government set up an intelligence
database of people’s financial behaviour. Then, according to these wealth management
records, users could better understand their own financial management ability and establish
reasonable financial self-efficacy. As another key factor of fintech, the use of technology plays
an important role in the process of wealth management by fintech. Given the importance of
technological self-efficacy in helpingModel 4 become the best predictivemodel, we emphasize
the predictive importance of technological self-efficacy. The use of smartphones and
software, in general, is not difficult for most people when they are processing wealth
management by fintech. Thus, the widespread use of smartphones increases users’ fintech
continuance intention.

Second, this paper shows that the confirmation of fintech use expectations is a significant
predictor of satisfaction and the key factor that affects users’ continuance intention. As the
rational decision process that users go through prior to setting up their use affects their
satisfaction and subsequent intentions, confirmation influences users’ fintech continuance
intentions in two indirect ways: by impacting users’ satisfaction and by influencing users’
perceptions of fintech usefulness. To improve users’ sense of confirmation, we suggest that
fintech companies and financial institutions guide users to establish appropriate fintech
expectations, since high expectations may lead to disconfirmation and low expectations, and
low perceived usefulness may reduce the users’ motivations to continue. Even though it is a
challenging task to understand the optimal level of users’ expectations, this understanding
remains a crucial aspect of fintech.

7.2 Limitations and future research directions
This study attempts to understand users’ fintech continuance intention forwealthmanagement
from a self-efficacy perspective. Despite the previouslymentioned contributions, this study has
several limitations, which offer opportunities for future research.

First, the respondents of this study were limited based on their experience with having
engaged inwealthmanagement by fintech. Therefore, our findingsmight not be applied to all
financial applications (e.g. Bitcoin, crowdfunding, Internet insurance). Generalizing the
results to other wealth management situations of fintech should be done with caution.

Second, we focused on the direct and indirect effects of financial self-efficacy and
technological self-efficacy on confirmation and perceived usefulness, as they significantly
influence fintech continuance intention. Future research might study the direct and indirect
effects of domain-specific self-efficacies on fintech continuance intention.

Third, this study used cross-sectional data. In the future, longitudinal research could be
designed to test causal hypotheses regarding financial self-efficacy, technological self-
efficacy and other key factors involved in fintech uses.

Finally, as our samples were from fintech users in China, the results of this study must be
cautiously interpreted. Nonetheless, the findings have provided insights into the behaviour of
fintech users in different settings. Future studies should consider national characteristics and
take the culture factor into account to explain the issue of fintech usage across different
nations at the individual level.
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Appendix

Constructs Items Adapted from

Financial self-efficacy
The belief in one’s capability in achieving
one’s ultimate financial goals (Forbes and
Kara 2010)

FSE1 I am fully capable of making
personal investment decisions
FSE2 I am confident in my ability to make
personal investment decisions
FSE3 I feel I am qualified for the task of
making personal investment decisions
FSE4 Using investment information
available is well within the scope of my
abilities
FSE5 My past experiences increase my
confidence that I will be able to
successfully make personal investment
decisions

Montford and
Goldsmith (2016)

Technological self-efficacy (smartphone)
The belief in one’s ability to operate
specific functions on a smartphone, such
as downloading and implementing
software onto the smartphone (Hong et al.
2014)

TSE1 I amable to figure out how to use the
interface of a smartphone on my own
TSE2 I am able to figure out how to
download smartphone applications on my
own
TSE3 I am able to figure out how to use
apps on my own
TSE4 I amable to figure out how to use the
different functions provided by
smartphones on my own

Hong et al. (2014)

Confirmation
Users’ perception of the congruence
between the expectation of Fintech use
and its actual performance
(Bhattacherjee, 2001a)

CON1 My experience with using Fintech
was better than what I expected
CON2 The service level provided by
Fintech was better than what I expected
CON3 My experience of investing using
Fintech was better than what I expected
CON4 Overall, most of my expectations
from using Fintech were confirmed

Bhattacherjee
(2001a)

Perceived usefulness
Users’ perception of the expected benefits
of Fintech use (Bhattacherjee 2001a)

PU1 Using Fintech improves my
performance in managing personal
finances
PU2 Using Fintech increases my
productivity in managing personal
finances
PU3 Using Fintech enhances my
effectiveness in managing personal
finances
PU4 Overall, Fintech is useful in
managing personal finances

Bhattacherjee
(2001a)

(continued )

Table A1.
Operational definitions
and scale items of
constructs
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Constructs Items Adapted from

Satisfaction
Users’ affect with (feelings about) prior
Fintech use (Bhattacherjee, 2001a)

I feel that my overall experience of Fintech
use is
SAT1 Very satisfied
SAT2 Very pleased
SAT3 Very contented
SAT4 Absolutely terrible (reverse coded)

Bhattacherjee
(2001a)

Fintech continuance intention
Users’ intention to continue investing by
Fintech (Bhattacherjee, 2001a)

FCI1 I intend to continue investing using
Fintech rather than discontinue its use
FCI2 My intentions are to continue
investing using Fintech than use any
alternative means (traditional banking)
FCI3 I plan to continue investing using the
Fintech
FCI4 I will continue investing using
Fintech
FCI5 If I could, I would like to discontinue
my investment using Fintech (reverse
coded)

Bhattacherjee
(2001a)

Note(s): FSE: financial self-efficacy; TSE: technological self-efficacy; CON: confirmation; PU: perceived
usefulness; SAT: satisfaction; FCI: Fintech continuance intention Table A1.
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